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The standard equation used Iis FAO-Penman Monteith method, given as CONCLUSION

o = 0:408D( R,—G)+g(900/T+273)U,(es—ea) _ : : : ;
- D+g(1+034U,) * The study investigated that the best performance was when all input variables were used, the study, however, finds that even

Where, ET = reference evapotranspiration (mm d), D = slope vapor pressure three input variable combination (Temperature, Wind Speed and Relative Humidity values) or two combination input
curve [k pa°C?], R, = net radiation (MJ m2 d1), G = soil heat flux (MJ m=2 d- variables (Temperature and Relative Humidity, Temperature and Wind Speed) also can provide practically identical results as
1), U, = wind speed measured at 2 m height [m s1], (e, - e,) = pressure deficit for  using all data.

measurement at 2 m height [k Pa], T = average temperature at 2 m height
(°C), 900 = coefficient for the reference crop [| J** Kg K d], g = psychrometric

constant [k pa°C-1], 0.34 = wind coefficient for the reference crop [s m].
Four ML models were implemented for modelling the ET relationship of the ® This study also concludes that even if not all parameter information is available in a particular station, we can use the three

Hyderabad and Waipara stations, namely, combination parameters which are Temperature, Relative Humidity, and Wind Speed or the two
ANN, GBR, SVR and RF regressor and a comparison was made between combinations, which are Temperature and Relative Humidity or Temperature and Wind Speed values, to estimate
e mode reference ET.

The ANN model offered the most remarkable performance among four tested models regardless of under which station
or input combination, trailed by SVR and GBR models, which could likewise accomplish moderately good performance.
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