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Predicting Individual Differences and Preferences from Music Induced Movement
Abstract

Just like physical gestures are quick giveaways of your personality and your current emotional state, the way you groove to music also says a lot about you. In this study we have developed a
machine learning model that can look at listeners’ natural movement to music and predict their personalities, music preferences and cognitive styles. It has significant implications for music
cognition research. As a follow-up, we investigate which bodily joints are most important in defining these traits.
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